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Abstract: Classical Chinese costume play an essential role in traditional Chinese culture, they are not only the carrier and inheritance of his-
tory and culture, but also reflect social hierarchy and status, and promote the dissemination and continuation of cultural identity and tradition-
al values. However, due to changes in history, culture and modern lifestyles, many people have a limited understanding of classical Chinese
costumes. To bridge this gap, a comprehensive knowledge graphs of traditional Chinese costumes was conducted and an intelligent question an-
swering system based on knowledge graphs was developed. For the question queried by user, an improved model RoBERTa_BiLSTM_SD-
PA_CRF based on BiLSTM model is used for named entity recognition of the interrogative sentence, and then ReBERTa is used to classify the
interrogative sentence, and a new recall sort module is added to calculate the similarity, and finally the corresponding answer is output. In the
dataset of Chinese classical Costume questionnaire, the improved model RoBERTa_BiLSTM_SDPA_CRF model is improved in terms of preci-
sion, recall and F1 compared with other models. In pairs of the improved structure of Q&A compared with the previous structure of Q&A, F1
was improved by about 2.73% and 4.20%, respectively. The constructed Q&A system has achieved good application results in the retrieval and
utilisation of classical Chinese Costume knowledge.

Key Words: knowledge graph; question and answer system; named entity recognition; traditional Chinese classical costume
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Fig. 1 Architecture of the entire question answering structure
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Table 1 Display of relationships between costumes
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Fig.2 Named entity recognition module structure
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Table5 Displaying questions with and without attribute values
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